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1. INTRODUCTION 

The COVID-19 pandemic has had a profound effect on the global economy and has led to significant 

changes in various industries. Among the sectors that faced immediate disruptions, the Information 

Technology (IT) sector has experienced both challenges and opportunities. One of the most critical 

functions within the IT sector that underwent substantial transformation during the pandemic was 

Human Resource (HR) management, particularly in the selection and recruitment of employees. 

Traditionally, the process of hiring in the IT industry relied heavily on face-to-face interactions, in-

person interviews, and physical presence, as well as on-campus recruitment drives at colleges and 

universities. However, the global lockdowns, social distancing measures, and restrictions on travel 

forced HR professionals to rethink and adapt their recruitment processes. This adaptation was not 

just necessary for business continuity but also for ensuring that organizations could still attract top 
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talent despite the social, economic, and technological challenges brought on by the pandemic. The 

primary objective of HR management, especially in recruitment and selection, is to identify, hire, and 

onboard employees who possess the right skill sets to align with the organization's strategic goals. 

Pre-COVID, this process was heavily reliant on in-person interviews, personal networks, and face-to-

face job fairs. However, the onset of the pandemic made it impossible for HR professionals to 

continue conducting recruitment in the traditional manner. With offices shutting down and 

employees working remotely, HR professionals quickly adopted digital tools, including video 

conferencing platforms, online recruitment systems, and digital assessments, to continue hiring. 

These changes in the selection process were driven by the need for business continuity as well as the 

desire to ensure that the IT sector, which was among the few that were still operating, could maintain 

a strong talent pipeline during such uncertain times. The adaptation of HR in response to COVID-19 

was not limited to just changing the method of selection; it also brought about a fundamental shift in 

the criteria used to evaluate potential employees. Pre-pandemic, employers in the IT sector typically 

prioritized technical skills, domain-specific expertise, and experience. However, the pandemic forced 

a rethinking of what skills were truly essential. Remote work, the increased reliance on digital 

communication, and the need for resilience in an uncertain environment shifted the focus to soft 

skills like adaptability, communication, collaboration, and problem-solving. As a result, the IT 

industry witnessed a redefinition of the employee selection process, with HR professionals placing a 

greater emphasis on identifying candidates who could thrive in a remote, digital-first workplace. 

2. RESEARCH METHODOLOGY 

This outlines the comprehensive methodology employed to investigate the impact of COVID-19 on 

HR performance in employee selection within the IT sector. Adopting a quantitative, cross-sectional 

research design, data were collected through a structured questionnaire targeting HR professionals. 

The study focused on key constructs such as pandemic-related disruptions, technological adoption, 

HR policy adaptations, candidate behavior, and regulatory changes. Data collection was conducted 

across metropolitan IT hubs, where digital transformation and virtual hiring practices were most 

prominent during the pandemic. The primary tool used was a structured, six-part questionnaire rated 

on a 5-point Likert scale. Purposive sampling ensured participation from HR practitioners directly 

involved in recruitment during COVID-19, resulting in 290 valid responses from organizations of 

varying sizes. Data analysis was performed using Structural Equation Modelling (SEM), allowing for 

measurement validation and path analysis. The dependent variable—HR Performance in Employee 

Selection (HRPES)—was assessed using four items, with a Cronbach’s alpha of 0.844. Independent 

variables included COVID-19 effects (COV), Technology Adoption in Recruitment (TAR), Changes 

in HR Policies (CHR), Candidate Availability and Preferences (CAP), and Government and Industry 

Regulations (GIR), each measured with reliable, validated items. The study adhered to ethical 

standards, with data collection completed over a three-month period. 

2.1 Description of Tools Used in the Present Study 

The study utilized a detailed questionnaire, comprising 34 items across six sections, to measure the 

constructs of interest. Each item was designed to capture specific aspects of HR practices during the 
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pandemic. The tool's reliability was established through Cronbach's alpha, with values ranging from 

0.765 to 0.891, ensuring internal consistency. Data were processed and analysed using SEM 

software, which allowed for comprehensive model fit analysis, including chi-square tests and 

alternative fit indices. 

2.2 Analysis and Interpretation of Data 

Frequency and Reliability Analysis: The frequency distribution revealed noteworthy trends. For 

instance, in the Technology Adoption section, items like TAR1, TAR2, and TAR3 recorded a high 

level of disagreement (up to 89.7% negative responses for TAR1), suggesting that virtual recruitment 

tools were either underutilized or not perceived positively. Similar trends were observed across other 

constructs, with several items eliciting predominantly negative responses, indicating potential issues 

with item clarity or respondent experience. 

Structural Equation Modelling (SEM): The SEM analysis was performed using a default model with 

64 parameters estimated from 276 distinct sample moments, resulting in 212 degrees of freedom. The 

model achieved convergence with a chi-square value of 303.720 (df = 212, p = .000) and a chi-square/df 

ratio of 1.433, which is within acceptable limits. The regression weights indicated the following: 

• HRPES & CAP: Estimate = 0.197, p = .029 

• HRPES & COV: Estimate = 0.195, p = .002 

• HRPES & TAR: Estimate = -0.102, p = .063 (not significant at the 5% level) 

• HRPES & CHR: Estimate = 0.260, p < .001 

• HRPES & GIR: Estimate = 0.375, p < .001 

These results reveal that changes in HR policies (CHR) and government regulations (GIR) have the 

most substantial positive effects on HR performance in employee selection, while technology 

adoption (TAR) exhibits a slight negative influence. 

Model Fit Summary: The model fit was further supported by a low chi-square/df ratio (1.433) 

compared to the independence model's ratio (12.594). Although the chi-square test was significant (p 

= .000), the overall fit indices suggest that the default model offers an adequate balance between 

parsimony and explanatory power. Additional fit indices (not detailed here) were also examined to 

ensure robust model evaluation. 

Delimitation: The study is delimited to HR practices specifically in the IT sector during the COVID-

19 pandemic. It focuses solely on employee selection processes and does not extend to other HR 

functions such as training or performance management. Moreover, the sample comprises HR 

professionals from urban IT hubs, which may limit the generalizability of findings to other industries 

or geographic areas. The reliance on self-reported data may also introduce response biases. 

3. DATA ANALYSIS AND RESULT 

Chapter presents the detailed interpretation and discussion of the research findings concerning the 

impact of COVID-19 on HR performance in the selection of employees within the IT sector. 
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Drawing on results from the descriptive statistics, reliability analysis, and structural equation 

modeling (SEM), this chapter provides a comprehensive evaluation of the various factors influencing 

HR practices, including pandemic effects, technology adoption, HR policies, candidate preferences, 

and governmental regulations. The chapter aims to offer a deeper understanding of how each factor 

has shaped recruitment practices during the pandemic and provides implications for future HR 

strategies in the IT sector.  

The key findings from the data analysis, interpreting results in relation to the research objectives and 

literature review. The discussion highlights how COVID-19 has impacted HR performance in 

employee selection in the IT sector, with a focus on the roles of HR policy changes, government 

regulations, and technology adoption. Implications for theory and practice are examined alongside 

potential limitations. Future research directions are suggested to address unanswered questions and 

further explore emerging trends in HR practices. Overall, this chapter synthesizes empirical evidence 

and theoretical insights to provide a comprehensive understanding of the study’s outcomes.  

Reliability Analysis of each Factors  

Factor Variables Cronbach's 

Alpha 

Number of 

Items 

Valid Cases 

(N) 

TAR TAR1, TAR2, TAR3 0.765 3 290 

HRPE

S 

HRPES1, HRPES2, HRPES3, 

HRPES4 

0.844 4 290 

COV COV1, COV2, COV3, COV4 0.777 4 290 

CAP CAP1, CAP2, CAP3, CAP4 0.823 4 290 

GIR GIR1, GIR2, GIR3 0.787 3 290 

CHR CHR1, CHR2, CHR3, CHR4, CHR5, 

CHR6 

0.891 6 290 
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Fig: Frequency Response of Respondents  

SEM Structure  

Computation of Degrees of Freedom (Default Model) 

Number of distinct sample moments: 276 

Number of distinct parameters to be estimated: 64 

Degrees of freedom (276 - 64): 212 
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In the default SEM model, degrees of freedom are computed by subtracting the number of estimated 

parameters from the number of distinct sample moments. Here, 276 distinct sample moments—

derived from the covariance matrix and means—are available, while 64 parameters are estimated. 

Subtracting these values (276 - 64) yields 212 degrees of freedom. This measure reflects the model’s 

overidentification and is critical for assessing overall model fit. A sufficient degree of freedom 

ensures that the model is not over-parameterized, enabling reliable application of statistical tests, 

such as the chi-square goodness-of-fit test. This ensures robust model evaluation. 

Result (Default Model) 

The chi-square value of 303.720, with 212 degrees of freedom and a probability level of 0.000, 

indicates a significant model fit issue. A chi-square test evaluates how well the model's predicted 

values align with the observed data, with lower chi-square values signifying better fit. A p-value of 

0.000 (less than the typical threshold of 0.05) suggests that the model is not a perfect fit. This could 

indicate overfitting or that the model assumptions do not adequately represent the data. Further 

adjustments may be needed to improve the model's goodness-of-fit in subsequent iterations.  In the 

default SEM model, the optimization algorithm successfully converged, as indicated by achieving the 

minimum. The overall model fit is assessed using the chi-square test, where a chi-square statistic of 

303.720 was obtained with 212 degrees of freedom. This results in a probability level (p-value) of 

.000, indicating that the model’s covariance structure significantly deviates from the observed data at 

conventional significance levels. Although a significant chi-square often suggests poor fit, large 

sample sizes can inflate chi-square statistics, so alternative fit indices should also be examined to 

comprehensively evaluate model adequacy. These additional indices provide a broader overall 

assessment. 

 
Fig: SEM Model (Propsoed Model)  
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In this path diagram, the structural equation model depicts five exogenous constructs—CAP, COV, 

TAR, CHR, and GIR—each measured by multiple observed variables. Factor loadings are shown 

along arrows from indicators to their latent factors, while residual terms reflect measurement error. 

The paths leading from these constructs to HRPES (HR Performance in Employee Selection) 

illustrate direct effects, with standardized estimates indicating their relative strengths (e.g., 0.66 from 

CHR to HRPES). Overall, the model suggests that Changes in HR Policies (CHR) exert the strongest 

influence on HRPES, followed by Government and Industry Regulations (GIR) and Technology 

Adoption (TAR). 

Regression Weights: (Group Number 1 - Default Model) 

   Estimate S.E. C.R. P 

HRPES <--- CAP .197 .090 2.186 .029 

HRPES <--- COV .195 .064 3.028 .002 

HRPES <--- TAR -.102 .055 -1.862 .063 

HRPES <--- CHR .260 .037 7.062 *** 

HRPES <--- GIR .375 .063 5.944 *** 

  

In this structural equation model, Changes in HR Policies (CHR) and Government and Industry 

Regulations (GIR) show the strongest positive effects on HR Performance in Employee Selection 

(HRPES), with regression coefficients of 0.260 and 0.375, respectively, both highly significant (p < 

.001). Candidate Availability and Preferences (CAP) also exerts a positive, statistically significant 

influence (p = .029), while the COVID-19 Pandemic Effects (COV) variable is similarly significant 

(p = .002) with a positive coefficient of 0.195. By contrast, Technology Adoption in Recruitment 

(TAR) shows a small negative effect (-0.102) that is not significant at the 5% level (p = .063). 

Model Fit Summary 

Model NPAR CMIN DF P CMIN/DF 

Default model 64 303.720 212 .000 1.433 

Saturated model 276 .000 0   

Independence model 23 3186.385 253 .000 12.594 

 

In the model fit summary, the default model estimates 64 parameters and yields a chi-square (CMIN) 

of 303.720 with 212 degrees of freedom, leading to a highly significant p-value (p = .000). Despite 

significance, the chi-square/df ratio (CMIN/DF) is 1.433, which is below commonly accepted 

thresholds (e.g., 2 or 3), suggesting very acceptable fit. The saturated model, by definition, fits 

perfectly, whereas the independence model, which assumes no relationships among variables, 

demonstrates a poor fit with a chi-square of 3186.385 and a ratio of 12.594. Hence, the default model 

appears to provide an adequate balance between parsimony and overall fit. 
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4. CONCLUSION 

This study examined the impact of the COVID-19 pandemic on HR performance in employee 

selection within the IT sector. Utilizing data from 290 HR professionals and analyzed through 

Structural Equation Modeling (SEM), the study revealed critical insights. The constructs 

demonstrated strong internal consistency, with Cronbach's alpha ranging from 0.765 (Technology 

Adoption in Recruitment) to 0.891 (Changes in HR Policies). Findings indicated significant 

dissatisfaction with technology adoption, as over 75% of respondents disagreed on effective use of 

virtual tools. HR performance in employee selection (HRPES) received mixed responses, especially 

regarding recruitment speed and efficiency. 

SEM analysis showed that Changes in HR Policies (CHR) and Government and Industry Regulations 

(GIR) had the most substantial positive effects on HRPES, followed by Candidate Availability and 

Preferences (CAP) and COVID-19 Pandemic Effects (COV). Interestingly, Technology Adoption in 

Recruitment (TAR) had a weak negative and statistically insignificant impact, suggesting challenges 

in digital integration or user resistance. The study concludes that policy adaptability and regulatory 

compliance are key drivers of HR effectiveness during crises, while technology alone is insufficient 

without strategic alignment. It highlights the importance of understanding candidate preferences, 

such as remote work expectations, in refining recruitment strategies. 

Based on the findings, the study recommends strengthening HR policy reforms, integrating 

supportive technology, and ensuring compliance with regulatory standards. Organizations should 

invest in comprehensive remote recruitment protocols, flexible work arrangements, and regular 

feedback mechanisms. Policymakers should provide clear regulatory frameworks to aid remote 

hiring. Furthermore, future research should extend to diverse industries, adopt longitudinal and 

mixed-method approaches, and explore other HR functions affected by the pandemic. 
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Questionnaire 

Section 1: Technology Adoption in Recruitment (TAR) 
 

Please rate your agreement with the following statements on a scale of 1 (Strongly Disagree) to 5 

(Strongly Agree): 

TAR1: Our organization adopted virtual interview platforms during the COVID-19 pandemic. 

TAR2: The use of AI-driven recruitment tools increased during the pandemic. 

TAR3: Online skill assessments became a standard part of the recruitment process. 
 

Section 2: HR Performance in Employee Selection (HRPES) 

Please rate your agreement with the following statements on a scale of 1 (Strongly Disagree) to 5 

(Strongly Agree): 
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HRPES1: The efficiency of the hiring process improved during the pandemic. 

HRPES2: The quality of hires was maintained during virtual recruitment. 

HRPES3: Virtual interviews were as effective as in-person interviews. 

HRPES4: The time taken for recruitment decreased during the pandemic. 

Section 3: COVID-19 Pandemic Effects (COV) 
 

Please rate your agreement with the following statements on a scale of 1 (Strongly Disagree) to 5 

(Strongly Agree): 

COV1: The pandemic led to a reduction in hiring demand. 

COV2: Work-from-home policies affected the selection process. 

COV3: Budget constraints impacted the recruitment process. 

COV4: The hiring process was delayed due to lockdowns. 
 

Section 4: Candidate Availability and Preferences (CAP) 
 

Please rate your agreement with the following statements on a scale of 1 (Strongly Disagree) to 5 

(Strongly Agree): 

CAP1: There was an increase in job applications during the pandemic. 

CAP2: More candidates preferred remote work positions. 

CAP3: Skill gaps among candidates increased during the pandemic. 

CAP4: Competition for roles in the IT sector intensified. 
 

Section 5: Government and Industry Regulations (GIR) 
 

Please rate your agreement with the following statements on a scale of 1 (Strongly Disagree) to 5 

(Strongly Agree): 

GIR1: Government policies on remote hiring influenced our selection process. 

GIR2: Compliance with data privacy laws impacted virtual recruitment. 

GIR3: Industry standards for virtual hiring practices were adopted. 

Section 6: Changes in HR Policies (CHR) 
 

Please rate your agreement with the following statements on a scale of 1 (Strongly Disagree) to 5 

(Strongly Agree): 

CHR1: New policies for remote interviews were implemented. 

CHR2: The use of contract-based hiring increased. 

CHR3: Onboarding processes were adapted for remote settings. 

CHR4: Performance evaluation methods changed due to remote work. 

CHR5: Policies for flexible work arrangements were introduced. 

CHR6: Employee training was shifted to virtual platforms. 
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